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ABSTRACT

Rapid digitalization has fundamentally transformed business models, investment patterns, and
financing decisions, prompting firms to reassess how they structure and manage capital in an
increasingly technology-driven environment. This study aims to analyze the determinants of
corporate capital structure in the digital era and compare the influence of these factors between
technology-based and non-technology companies listed on the Indonesia Stock Exchange. The study
uses a quantitative explanatory approach with secondary data from companies’ annual financial
reports for the period 2018-2023. The analysis was conducted using multiple regression to examine
the influence of each determinant and the differences in patterns between the two groups of companies.
The results show that asset tangibility has a significant positive effect on the debt-to-equity ratio in
both groups, while profitability has a significant negative effect, consistent with the pecking order
theory. Company size is only significant in non-technology companies, while growth and liquidity
show different influences between the groups. These findings confirm that the characteristics of the
digital industry, particularly the dominance of intangible assets and high capital requirements for
innovation, influence capital structure policies differently from traditional industries, providing
important empirical insights for financial managers and capital market stakeholders in Indonesia.
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INTRODUCTION

The rapid development of digitalization and technological transformation has led to
fundamental changes in corporate financing patterns and financial management.
Technology-based companies, which generally have a high proportion of intangible
assets, relatively short investment cycles, and substantial capital requirements for
innovation and expansion, face significantly different financing challenges compared to
non-technology companies that rely more on tangible assets and stable business models
(Warner & Wiger, 2019). In this context, capital structure as a representation of the
balance between debt and equity, is a crucial strategic aspect to analyze, as decisions
regarding capital structure not only reflect a company’s strategy in selecting funding
sources but also indicate how the company manages financial risk, maintains investment
flexibility, and exploits growth opportunities amidst the dynamics and competition of the
digital economy (DiMasi et al., 2016; Frank et al., 2019).

Corporate finance studies have widely examined the determinants of capital structure
to understand how firms balance debt and equity. Prior research highlights key internal
factors such as profitability, firm size, asset tangibility, liquidity, growth opportunities,
and non-debt tax shields as common predictors of leverage decisions (Oktavina et al.,
2018; Panjaitan et al., 2023; Oktaviani et al., 2024). Evidence from Indonesian
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manufacturing and property sectors shows mixed results, with several studies finding that
tangibility, size, and profitability significantly shape financing patterns (Susanti et al.,
2023; Putri & Dwiarti, 2024). However, other findings by Marlina and Dahlia (2020)
indicate that sales growth does not always have a consistent influence on capital structure,
suggesting that leverage determinants may differ depending on industry characteristics
and business risk conditions. This complexity underscores the need for contextual
analysis, particularly when comparing technology and non-technology firms, as funding
strategies must adapt to sector-specific characteristics and managerial decisions (Erevelles
et al., 2016; Andoni et al., 2019).

Although capital structure research is extensive, most studies still concentrate on
traditional sectors such as manufacturing, property, and finance, while evidence on
technology-based firms in developing countries like Indonesia remains limited. Recent
work addressing this gap shows that asset tangibility and non-debt tax shields have a
significant negative effect on leverage measured by the Debt-to-Equity Ratio (DER),
whereas profitability and firm size are not significant determinants (Wamba et al., 2017).
These results highlight that technology firms exhibit distinctive financing patterns due to
the dominance of intangible assets, greater reliance on internal funds for innovation, and
rapid investment dynamics. Consequently, capital structure decisions in digital businesses
require more flexible and adaptive strategies, underscoring the need for further empirical
research on financial behavior in emerging market technology ecosystems (Hanelt et al.,
2021).

International evidence suggests that the determinants of capital structure in
technology-based firms differ substantially from those in conventional companies.
Innovation-driven firms emphasize liquidity, firm age, and investment intensity as key
drivers of financing decisions, reflecting distinctive patterns that deviate from traditional
corporate models (Schumacher et al., 2016). Understanding these patterns requires
industry-adaptive approaches that account for asset composition, innovation funding
needs, and sensitivity to economic changes (Gomber et al., 2018). In the context of
Indonesia, where economic growth, industrial structures, and capital market dynamics
differ from developed economies, direct generalization of international findings is limited
(Akter et al., 2016; Makridakis, 2017). This study employs a quantitative explanatory
design using secondary data from financial statements of firms listed on the Indonesia
Stock Exchange (IDX), applying multiple regression and panel data techniques to assess
causal relationships and compare technology-based and non-technology firms. Digital
firms face unique funding conditions due to intangible assets and innovation-oriented
capital needs, making this analysis critical for understanding corporate financing behavior
in emerging markets (Xie et al., 2019; Horvath & Szabo, 2019). The purpose of this study
is to identify the main determinants of capital structure decisions in the digital era and to
emphasize industry-specific differences in the Indonesian capital market.

LITERATURE REVIEW & HYPOTHESIS DEVELOPMENT
The Effect of Profitability on Capital Structure

Capital structure in this study is measured through leverage indicators such as the debt-
to-equity ratio, while the independent variables include profitability, firm size, asset
tangibility, growth, liquidity, and other factors widely examined in prior research. Among
these determinants, profitability reflects a firm’s ability to generate earnings from its
operational activities through the effective use of its assets. Higher profitability indicates
a stronger capacity to create returns for shareholders and provides firms with greater
internal financial resources (Panjaitan et al., 2023). As a result, profitable companies are
generally less dependent on external debt financing because they can rely on retained
earnings to fund operations and future investments. Putri and Dwiarti (2024) emphasize
that increases in profitability encourage firms to prioritize internal funding over
borrowing. This aligns with the view that companies must carefully balance internal and
external financing sources to achieve an optimal capital structure that maximizes firm
value while minimizing financing costs (Oktavina et al., 2018).



The relationship between profitability and capital structure has been widely discussed
in prior studies, although empirical findings vary. Susanti et al. (2023) found that
profitability has a significant effect on capital structure, suggesting that firms’ profit
performance influences their financing decisions. However, profitable firms may not
always allocate earnings as operational funding, indicating that the impact of profitability
can differ depending on managerial policies. In contrast, Susanti et al. (2022) argued that
higher profitability can increase leverage, since firms with strong earnings are viewed as
less risky by lenders and have a greater ability to meet interest obligations. This condition
encourages creditors to provide more debt financing, leading to a positive association
between profitability and leverage. Profitability remains a key determinant of capital
structure decisions.

H1: Profitability has a significant effect on capital structure.

The Effect of Firm Size and Sales Growth on Capital Structure

Firm size is commonly used to describe the scale and complexity of a company, which
can be reflected through indicators such as total asset value and market value (Oktaviani
et al., 2024). Larger firms generally possess greater market capitalization, higher book
value, and stronger profit potential compared to smaller firms (Ghofir & Yusuf, 2020). In
capital structure theory, firm size is often associated with differences in access to external
financing, risk perception, and borrowing capacity. Large companies may benefit from
easier access to debt markets because they are considered more stable and diversified.
However, empirical evidence does not always show a positive relationship. Studies by
Kurshev and Strebulaev (2015) as well as Bhat et al. (2023) found that the intertemporal
relationship between leverage and firm size tends to be negative, indicating that larger
firms may rely less on debt over time due to stronger internal funding capacity.

In addition to firm size, sales growth is another important determinant of capital
structure. Sales growth reflects the level of demand and competitiveness of a firm within
its industry, and high growth often signals increasing income and improved financial
prospects (Iskandar, 2021). Firms experiencing rapid sales expansion may require
additional funding to support operational needs and business development. Purba et al.
(2020) explained that debt can stimulate profit growth and improve asset turnover, which
may contribute to higher sales growth. Nevertheless, excessive debt levels may increase
financial risk, particularly in short-term financing, potentially threatening the firm’s
stability. Therefore, companies must manage leverage carefully to sustain growth while
maintaining financial survival. Supporting this relationship, Triyono et al. (2020) found
that sales growth has a significant effect on capital structure, emphasizing its role in
shaping corporate financing decisions.

H2: Firm size has a significant effect on capital structure.
H3: Sales growth has a significant effect on capital structure.

The Effect of Assets Tangibility and Liquidity on Capital Structure

Asset tangibility and liquidity are widely recognized as important determinants of a
firm’s capital structure decisions. Tangible assets refer to physical resources such as land,
buildings, machinery, and construction in progress that are utilized over a long period in
business operations (Nasution et al., 2017). These assets play a strategic role in financing
because they can be pledged as collateral to creditors, reducing the risk faced by lenders.
Firms with a higher proportion of tangible assets are therefore more likely to obtain long-
term debt financing. Supporting this argument, Harc (2015) found that tangible assets
have a positive impact on long-term debt, as they provide a strong signal to financial
institutions that assets can be liquidated in the event of bankruptcy. This suggests that
asset tangibility increases borrowing capacity and encourages firms to rely more on debt
as part of their capital structure.
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Liquidity, on the other hand, reflects a company’s ability to meet short-term
obligations smoothly and on time by utilizing current assets such as cash, receivables, and
inventory (Marlina & Dahlia, 2020). High liquidity indicates that a firm has sufficient
internal resources available, which may reduce the need for external debt financing.
Empirical evidence supports this relationship, as Putri and Dwiarti (2024) reported that
liquidity has a significant and negative impact on capital structure. When firms possess
strong liquidity positions, they tend to rely less on borrowing because their current assets
exceed their liabilities that must be settled. This finding aligns with the argument of
Afinindy et al. (2021), who explained that companies with high liquidity prefer using
internal funds first to finance investments before seeking external financing through debt.
Liquidity acts as a limiting factor for leverage, while tangible assets strengthen a firm’s
ability to obtain debt financing.

H4: Asset tangibility has a significant effect on capital structure.
HS5: Liquidity has a significant effect on capital structure.

Profitability ~ N1!
Firm Size H2
H3 ital
Sales Growth S?r?lr()zltilre
H4
Asset
Tangibility
H5
Liquidity

Figure 1. Conceptual Framework

This study’s research framework analyzes the factors influencing capital structure by
considering firm-specific financial characteristics. Capital structure is the dependent
variable, while profitability, firm size, sales growth, asset tangibility, and liquidity are the
independent variables. Profitability is expected to significantly affect capital structure
(H1), indicating whether firms rely more on internal funds or external debt. Firm size
(H2) and sales growth (H3) are also hypothesized to influence financing decisions, as
larger and growing firms may face different funding needs and access to capital. Asset
tangibility (H4) is proposed to affect capital structure because tangible assets can be used
as collateral. Lastly, liquidity (H5) is expected to play a role, since firms with stronger
short-term financial capacity may depend less on debt financing.

RESEARCH METHODS

A quantitative explanatory approach was used in this research to analyze the capital
structure determinants in technology-based and non-technology companies listed on the
IDX. This approach was chosen because it allows testing the causal relationship between
independent variables and the dependent variable. The independent variables were
profitability, size of company, growth, tangibility of assets, and liquidity. Then, the
dependent variable was the structure of capital (Debt to Equity Ratio — DER). This
method also supports the collection of findings that can be replicated and retested, thus
ensuring the reliability of the study (Mikalef & Pateli, 2017).

All companies listed on IDX during the 2018-2023 period became the population of
this research. Clearly, the analysis units were being companies grouped into technology
and non-technology categories according to the IDX industry classification. A purposive
sampling technique was used to define the sample. The criteria were active companies,



having complete annual financial reports, and belonging to one of the industry categories.
The data were collected from the companies’ officially published annual financial reports,
including balance sheets, income statements, and notes to the financial statements,
ensuring data consistency and reliability (Buhalis et al., 2019).

Data were collected from secondary sources, specifically audited annual financial
reports officially published on the IDX website. Capital structure, as the dependent
variable, is measured using the Debt-to-Equity Ratio (DER). The independent variables
include profitability measured by Return on Assets (ROA), firm size measured as the
natural logarithm of total assets, growth measured by annual sales growth, asset
tangibility measured by the ratio of fixed assets to total assets, and liquidity measured by
the current ratio. All variables are measured using ratio scales commonly applied in
corporate finance research.

The data analysis was conducted using multiple linear regression to examine the
influence of independent variables on capital structure and to compare patterns between
technology-based and non-technology firms. The analysis was performed using SPSS to
ensure accuracy and reliability of the statistical results. This analytical framework
enhances methodological rigor, supports robust inference, and ensures the replicability of
the findings. The research design provides meaningful contributions to the corporate
finance literature and offers practical insights for financial managers and capital market
stakeholders in the digital transformation era (McIntyre & Srinivasan, 2017).

RESULTS

This study aims to identify factors influencing corporate capital structure in the digital
era and compare the patterns of influence between technology-based and non-technology
companies. The data used are derived from the annual financial reports of companies
listed on the Indonesia Stock Exchange for the period 2018-2023. The analysis was
conducted using multiple regression to examine the influence of independent variables on
capital structure and to compare differences in effects across company groups. Table 1
shows the summary of descriptive statistics.

Table 1. Summary of Descriptive Statistics

. Technology Sector Non-Technology Sector
Variable Mean Dev. Mean Std. Dev.
Debt to Equity Ratio (DER) 0.42 0.15 0.56 0.18
Profitability (ROA) 0.08 0.04 0.10 0.05
Firm Size (Ln Total Assets) 15.3 1.2 16.1 1.5
Sales Growth (%) 18.5 7.6 12.4 6.8
Asset Tangibility 0.23 0.12 0.45 0.15
Liquidity (Current Ratio) 2.1 0.8 1.8 0.7

Table 1 presents a summary of descriptive statistics comparing key financial
characteristics between technology-based and non-technology-based companies. The
results show that technology firms have a lower DER, with an average of 0.42, compared
to non-technology firms, which report an average of 0.56, indicating that technology
companies tend to rely more on equity financing rather than debt. In terms of profitability,
non-technology companies demonstrate a slightly higher ROA, averaging 0.10, while
technology firms record an average of 0.08. Firm size is also larger in non-technology
companies, with a mean value of 16.1, compared to 15.3 in technology companies.
Furthermore, technology firms exhibit stronger sales growth, averaging 18.5%, whereas
non-technology firms show a lower growth rate of 12.4%, reflecting the rapid expansion
commonly found in digital-based industries. Technology companies also have
significantly lower asset tangibility, with a mean of 0.23, consistent with the dominance
of intangible assets, while non-technology firms report higher tangibility at 0.45. Liquidity
levels are slightly higher in technology firms, with a current ratio of 2.1, compared to 1.8
in non-technology firms, suggesting better short-term financial flexibility.
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Table 2. Multiple Regression Results — Technology-Based Companies

Variable Coefficient t-statistic p-value
Profitability (ROA) -0.31 -2.45 0.018
Firm Size 0.12 1.60 0.112
Sales Growth -0.15 -1.85 0.069
Asset Tangibility 0.42 3.75 0.001
Liquidity -0.10 -1.12 0.263
R-Square 0.58

Table 2 reports the multiple regression results for technology-based companies, with
capital structure as the dependent variable. The findings show that profitability has a
significant negative effect on capital structure, with a coefficient of -0.31 and a p-value of
0.018. This indicates that more profitable technology firms tend to rely less on debt
financing, supporting the argument that internally generated funds reduce the need for
external borrowing. Firm size has a positive coefficient of 0.12, but its effect is not
statistically significant, as reflected by a p-value of 0.112, suggesting that company size
does not strongly influence capital structure decisions in this sector. Sales growth also
shows a negative relationship, with a coefficient of -0.15, and is marginally significant at
the 10% level, with a p-value of 0.069, indicating that growing firms may slightly reduce
leverage, although the effect remains weak.

In contrast, asset tangibility demonstrates the strongest and most significant effect on
capital structure, with a positive coefficient of 0.42 and a p-value of 0.001. This suggests
that technology companies with higher tangible assets tend to use more debt, as tangible
assets can serve as collateral and improve access to external financing. Liquidity,
measured by the current ratio, has a negative coefficient of -0.10 but is not statistically
significant, with a p-value of 0.263, meaning that liquidity does not play a major role in
explaining capital structure variations. The model shows relatively strong explanatory
power, with an R-square value of 0.58, indicating that 58% of the variation in capital
structure among technology-based firms can be explained by the financial factors included
in the regression model.

Table 3. Multiple Regression Results of Non-Technology Companies

Variable Coefficient t-statistic p-value
Profitability (ROA) -0.28 -3.12 0.003
Firm Size 0.20 2.78 0.007
Sales Growth -0.05 -0.68 0.500
Asset Tangibility 0.35 4.21 0.000
Liquidity -0.12 -1.45 0.150
R-Square 0.63

Table 3 presents the multiple regression results for non-technology companies, with
capital structure as the dependent variable. The results indicate that profitability has a
significant negative effect on capital structure, with a coefficient of -0.28 and a p-value of
0.003. This suggests that more profitable non-technology firms tend to rely less on debt
financing, as they are more capable of using internal funds to support their operations.
Firm size shows a positive and significant relationship with capital structure, with a
coefficient of 0.20 and a p-value of 0.007, meaning that larger firms in non-technology
sectors are more likely to use higher levels of debt, possibly due to greater access to credit
markets and stronger financial stability. Sales growth, however, does not significantly
influence capital structure, as reflected by its small negative coefficient of -0.05 and a p-
value of 0.500.

Asset tangibility remains an important determinant of capital structure, showing a
positive and highly significant effect with a coefficient of 0.35 and a p-value of 0.000. This
indicates that firms with higher tangible assets tend to increase debt usage, since physical
assets can serve as collateral for external financing. Liquidity has a negative coefficient of
-0.12, but its effect is not statistically significant, with a p-value of 0.150, suggesting that



liquidity levels do not strongly explain variations in capital structure among non-
technology companies. The regression model demonstrates solid explanatory power, with
an R-square value of 0.63, meaning that 63% of the variation in capital structure is
explained by the independent variables included in the analysis.

The comparison results show that technology companies tend to have lower DER and
are more sensitive to changes in asset tangibility, reflecting a reliance on intangible assets
and internal financing. In contrast, non-technology companies exhibit a significant effect
of firm size on DER, indicating that firm size influences financing decisions more than in
traditional industries. Profitability remains a significant negative factor in both groups,
consistent with the pecking order theory, which states that profitable companies tend to
use internal equity rather than debt.

DISCUSSION

The results indicate that the determinants of capital structure in technology-based and
non-technology companies exhibit different patterns of influence, reflecting the unique
characteristics of each industry. Asset tangibility is shown to have a significant positive
effect on the DER in both groups of companies, although the effect is more pronounced
in technology companies. This finding is consistent with Skoogh and Sward (2015),
showing that companies with a higher proportion of fixed assets tend to obtain external
financing more easily, thus increasing the use of debt in their capital structure. In
technology companies, despite the relatively low proportion of fixed assets, the high
sensitivity to tangibility suggests that any increase in tangible assets can be an indicator of
creditor confidence in providing financing. This confirms that physical assets continue to
play an important role as collateral, even in industries where the majority of assets are
intangible (Blut et al., 2021).

Profitability has been shown to have a significant negative effect on the Debt-to-Equity
Ratio (DER) for both groups of companies, consistent with the pecking order theory.
Companies with higher profitability tend to utilize retained earnings to finance their
investment activities, thereby reducing their reliance on external debt (Oktavina et al.,
2018). This pattern is consistent across both technology-based and non-technology
companies, although technology companies generally exhibit lower DER. This finding
supports previous research by De’ et al. (2020) that emphasizes that innovative companies
with high growth rates tend to prioritize internal financing to maintain financial flexibility
and minimize the risk of high interest expenses resulting from debt use.

Firm size is shown to have a significant effect on the DER only for non-technology
companies, while the effect is insignificant for technology companies. This suggests that
firm size is more relevant in the context of traditional industries, where greater operational
capacity and reputation facilitate access to debt financing. In contrast, technology
companies, which tend to rely on intangible assets and innovation as primary resources,
are less influenced by firm size in determining their capital structure. Furthermore, sales
growth and liquidity variables show different patterns of influence between the two
groups, confirming that the characteristics of the digital industry, including rapid
investment dynamics and the dominance of intangible assets, form more complex
financing patterns compared to traditional industries (Grover et al., 2018).

The results of this study emphasize the importance of considering industry context
when analyzing a company’s capital structure. Technology-based companies in the digital
era face unique challenges in balancing debt and equity, primarily due to the dominance
of intangible assets and the substantial capital requirements to support innovation. In
contrast, non-technology companies still exhibit traditional patterns, where company size
and asset tangibility are the primary factors in capital structure decisions. Industry
characteristics are a crucial aspect in capital structure studies and provide practical
guidance for financial managers in designing optimal funding strategies in the Indonesian
capital market (Kannan & Li, 2017; El-Kassar & Singh, 2019; Grani¢ & Maranguni¢,
2019; Wang et al., 2019).
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CONCLUSION

The conclusion of this study shows that the determinants of corporate capital structure
in the digital era are influenced differently by industry characteristics. Asset tangibility
remains a significant factor for both groups of companies, but its influence is stronger in
technology-based companies, while profitability negatively influences DER in both
groups, consistent with the pecking order theory. Firm size is only significant in non-
technology companies, while growth and liquidity show varying effects, confirming that
technology companies face more complex funding dynamics due to the dominance of
intangible assets and the need for capital for innovation. These findings imply that
managers should design capital structure policies that align with industry-specific asset
profiles, particularly by considering the limited collateral value of intangible assets in
technology firms. In addition, investors and policymakers should support alternative
financing mechanisms for innovation-driven companies, as traditional debt financing
may be less suitable in sectors dominated by intangible resources.

The limitations of this study are primarily related to the use of secondary data that only
includes annual financial reports, so that more detailed internal company dynamics or
external macroeconomic factors are not fully observed, and the multiple regression
method may not capture non-linear relationships between variables. For future research,
it is recommended to include additional variables such as innovation intensity, capital
market conditions, or dynamic panel analysis to enrich the understanding of capital
structure determinants, as well as consider qualitative studies to explore managerial
behavioral factors not reflected in financial reports.
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